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Flow Features and Response Variables
Analysis scripts are used to explore the glass flows L —

and quantify selected features. It Is Important to be

ab'e to Cons|stent|y Calculate a numerical Value fOr Another Neural Network will be used to correlate Process Control
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Salient Flow Features '
Benefits

This fast-running prediction tool can save
roughly two weeks of production per year per
furnace and increase productivity by 2%.
Extrapolating that improvement to the entire
U.S. glass manufacturing industry suggests 2.5
TBTUs of energy and 130,000 metric tons of
carbon dioxide emissions could be saved.
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Stream lines display the interaction of the two main convective loops in the This research was supported by the High-Performance Computing for Manufacturing
glass furnace forming the critical spring zone. The temperature and velocity Project Program (HPC4Mfg), managed by the U.S. Department of Energy Advanced
profiles at the spring zone greatly influence the quality of the end product. ' ' st back-half of auto-encoder Manufacturing Office within the Energy Efficiency and Renewable Energy Office. It

The inset shows a larger area of the tank and the two main flow loops. was performed under the auspices of the US Department of Energy by Lawrence
Livermore National Laboratory under Contract DE-AC52-07NA27344.
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